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Figure 7: Soft Mumford-Shah segmentation with three phases corresponding to the supervision
on the left panel of Figure 2. Plotted here are the three ownership distributions p1(x), p2(x), and
p3(x). Due to “under”-supervision, namely the number K of specified patterns is less than that
of the visually meaningful ones, the grass pattern has “absorbed” the ocean pattern due to the
greenish color they happen to share.
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